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Abstract: Aiming at introducing and using compressive sensing (CS)into practice,CS was discussed in detail from sparse representation,
encoding measurement and reconstruction algorithms. The commonly used reconstruction algorithms, such as matching pursuit, orthogonal
matching pursuit and the regularized orthogonal matching pursuit, were reviewed. The minimum mean square error (MMSE) linear
estimatealgorithm, which showed better reconstruction quality under low sampling rate, was introduced as well. Through the image
simulation, compared with commonly used reconstruction algorithms, the results indicate that MMSE shows great superiority and potential
for real applications.
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